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Research on Collaberative Filtering Recommendation Algorithm
Optimization in Personalized Recommendation

Guan Fei Zhou Yi Zhang Han

Abstract ; Collaborative filtering recommendation algorithm is widely used in personalized recommendation system.
However, it has some shortcomings in data sparseness and scalability. This paper proposes a novel approach to solve the
problems ,which contains two components. The first component is to solve the problem of data sparseness by filling the
initial scoring matrix with missing values based on Slope One algorithm and using the collaborative filtering algorithm
based on K—means clustering to predict the score of target users. The second one is to solve the scalability problem by
proposing an improvedimproveu K—means algorithm based on central aggregation parameters. The results of the relevant
comparative experiments on Movielens dataset show that the recommended precision is significantly improved and the
data sparseness and scalability issues are effectively improved. Therefore , the research conclusions of this paper can not
only further enrich the existing theoretical achievements of collaborative filtering recommendation algorithm, but also
provide theoreti¢alibasisand deéeidion=iriaking rélerendéorSiniprovirgCthe Heourdey/ \bf e/ Pécoiiiendation system.

Key words ; recommendation system; decision making; collaborative filtering; central aggregation parameter; K -

means clustering
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